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LESSON 1.8: SUPPLEMENTAL READING 
Documentation is often viewed as administrative overhead, something created to satisfy 

compliance checklists, completed after decisions have already been made, or treated as 

a burdensome formality that slows operational efficiency. This perception fundamentally 

misunderstands the regulatory purpose of documentation. 

From a supervisory perspective, documentation is a control mechanism. It’s the evidence 

that governance occurred, that supervision was applied, that risks were considered, and 

that accountability was assigned. Without documentation, regulators can’t verify that any 

of these things happened, regardless of how thoughtful or rigorous the firm's internal 

processes may have been. 

The regulatory principle is straightforward: undocumented decisions are treated as if they 

never occurred. Firms may exercise sound judgment, conduct thorough reviews, and 

apply appropriate oversight, but if those actions are not documented, they’re invisible to 

examiners. In the absence of documentation, regulators must assume that controls didn’t 

exist, that supervision wasn’t applied, and that decisions were made informally or 

haphazardly. 

This lesson explains what regulators expect firms to document, why informal or assumed 

records are rarely sufficient, and how documentation standards must be established 

before analytics, automation, or AI amplify the consequences of inadequate record-

keeping. 

What Regulators Expect to See Documented 

Regulators don’t expect exhaustive records of every data interaction, every conversation, 

or every routine decision. That would be impractical and would generate volumes of 

documentation with little supervisory value. Instead, they expect documentation that 

reflects material decisions, interpretive choices, and governance action. These are the 

moments where judgment was exercised, assumptions were made, or accountability was 

assigned. 

Effective documentation captures: 

Why a dataset was selected for a particular purpose: What business need, analytical 

objective, or regulatory requirement justified collecting or using this data? What 

alternatives were considered? Why was this dataset deemed appropriate while others 

were not? 
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How the data was interpreted or transformed: What cleaning, aggregation, derivation, or 

enrichment steps were applied? What logic governed these transformations? Who 

decided how categories should be defined or how thresholds should be set? 

What assumptions or limitations were recognized: What constraints, biases, sampling 

limitations, or contextual factors were identified? How did these limitations affect what 

conclusions could be drawn? Were there known gaps in coverage, accuracy, or 

representativeness? 

Who reviewed or approved its use: Who was responsible for validating that the data was 

fit for purpose? What review process was followed? Who had the authority to approve 

this use case, and did they exercise that authority? 

What controls governed reuse or escalation: If the data was later repurposed, what 

approval process applied? If exceptions or anomalies were detected, what escalation 

path was followed? How were edge cases or unexpected outcomes handled? 

The level of documentation required increases as data moves closer to influencing 

decisions, communications, or client outcomes. For example, exploratory analysis 

conducted for internal understanding may require lighter documentation than data used 

to inform client recommendations, credit decisions, or regulatory filings. But even 

exploratory uses should leave some record of purpose, scope, and limitations. 

Documentation should be proportional to risk and impact, not uniform across all 

contexts. High-stakes uses demand rigorous documentation. Low-stakes uses require 

less. But the absence of documentation altogether signals weak governance. 

Documentation Must Follow the Data 

A common and costly documentation failure is documenting only the final output or 

communication while leaving upstream data decisions undocumented. Firms create 

polished reports, client presentations, or regulatory filings with extensive supporting 

materials, but they don’t document the earlier decisions about which data to use, how to 

transform it, or what assumptions to apply. 

Regulators evaluate documentation holistically. They expect firms to be able to trace 

decisions back through the entire data lifecycle, from original collection or acquisition 

through transformation, analysis, and eventual application. If documentation exists only 

at the endpoint (the final model output, the completed report, the published 

communication), then it becomes impossible to determine whether earlier interpretive 

choices were appropriate, supervised, or even deliberate. 
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This gap often leads regulators to question the reliability of the entire workflow. If a firm 

can’t explain how data was selected, validated, or transformed, the fact that the final 

output is well-documented provides little assurance. The foundation remains opaque, and 

opaque foundations cannot support defensible conclusions. 

Documentation should therefore be aligned with data movement, not just endpoints: 

 When data is extracted from a source system, there should be a record of what 

was extracted, when, by whom, and for what purpose 

 When data is cleaned or transformed, there should be documentation of what 

changed, why those changes were necessary, and who validated them 

 When datasets are combined or enriched, there should be a record of what 

sources were used, what logic governed the combination, and what assumptions 

were introduced 

 When derived outputs are created, there should be documentation of the 

derivation logic, the interpretive choices embedded in it, and who approved its use 

This doesn’t require creating extensive documentation at every step. It requires creating 

sufficient documentation at key decision points so that the narrative of data use can be 

reconstructed when needed. 

Informal Documentation Is Rarely Sufficient 

In practice, many data decisions are discussed in emails, chat messages, verbal 

conversations, or undocumented meetings. These informal exchanges may reflect real 

decision-making, genuine oversight, and thoughtful judgment. But they don’t reliably meet 

regulatory expectations for documentation. 

Informal records are: 

Difficult to retrieve: Emails and chat messages are often scattered across systems, 

accounts, and timeframes. Reconstructing a decision narrative from fragmented 

communications is labor-intensive and often incomplete. 

Inconsistent in content: Informal communications vary widely in what they capture. One 

email chain may document rationale in detail; another may simply approve a decision 

without context. There’s no standardization, making it difficult to ensure that key 

elements are consistently recorded. 

Rarely structured for audit replay: Informal documentation is created for immediate 

operational needs, not for future reconstruction. It may omit critical context, assume 

shared knowledge, or refer to decisions made elsewhere without explanation. 
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Subject to retention gaps: Email retention policies, chat message expiration, and turnover 

of personnel can result in informal documentation disappearing over time, even when 

formal retention obligations apply. 

Why This Matters Before Analytics or AI 

Analytics platforms, machine learning models, and AI-driven systems can generate 

outputs at scale and speed, but they often obscure the human decisions embedded in 

their design and use.  

Models make predictions, rankings, or classifications based on data inputs, feature 

engineering choices, training methodologies, and optimization objectives, which often 

reflect interpretive judgment. 

Without documentation of these upstream decisions, firms struggle to explain how 

automated outputs were produced: 

 What data was used to train the model, and why? 

 What transformations were applied before training? 

 What assumptions were embedded in feature selection or weighting? 

 Who validated that the data was appropriate for this purpose? 

 How were edge cases, exceptions, or anomalies handled? 

Regulators don’t accept automation as a substitute for documentation. In fact, they often 

expect more documentation, not less, when advanced tools are involved. The opacity of 

automated systems heightens the need for clear records of the human judgments that 

shaped them. 

Common regulatory questions about AI and analytics include: 

 How was the training data selected, and was it representative? 

 What interpretive choices were made during data preprocessing? 

 Who approved the use of this data for this purpose? 

 How do you know the model is performing as intended? 

 What happens when the model encounters data it was not trained on? 

Firms that haven’t documented data selection, transformation, and oversight decisions 

before deploying AI systems find themselves unable to answer these questions. The 

automation created efficiency, but it also created accountability gaps that can’t be closed 

retroactively. 
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Establishing documentation standards before introducing analytics or AI ensures that 

accountability remains visible even as processes scale. It creates the audit trail that 

allows firms to demonstrate governance, not just outcomes. 

Conclusion 

Documentation isn’t administrative overhead. It’s evidence that governance, supervision, 

and accountability existed. Without documentation, regulators can’t verify that decisions 

were deliberate, that risks were considered, or that oversight was applied. 

Effective documentation captures intent, rationale, and responsibility at the time 

decisions are made. It follows data through its lifecycle, not just to its endpoint. It’s 

deliberate, accessible, and retained according to policy. 

Before introducing analytics, automation, or AI, firms must establish documentation 

standards that ensure accountability remains visible even as systems scale. This isn’t a 

constraint on innovation. It’s the foundation that allows advanced tools to be deployed 

responsibly, with the audit trail that regulators expect and that firms need to defend their 

practices. 

 


